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Return to top

Did it detect a No
transported object?

Robot arm determines whether it can
reach the object in time and writes it
into the state

‘Was the action appropriate for the state?
- If appropriate: Reward +0.1

- If inappropriate: Reward -0.05

Write tasks to a robot arm Reward -0.0002

Did the robot arms
collide?

Reward - Step X 0.02

Has Step
reached 1000?

Episode ends Yes

Flowchart (Repeated 50 times per second)
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