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ReLU | ELU | PReLU | Present

Loss 0.355 | 0.316 0.280 0.258
Test_Loss 0.394 | 0.414 0.455 0.429
Accuracy(%) 88.7 | 88.8 90.0 90.9
Test_Acc(%) 875 | 876 86.9 88.0
Time(ms) 21 22 26 30
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Loss 0.351 | 0.347 0.314 0.308
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