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Fig.2 Analysis result by SPH method |
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Fig.3 Data obtained by converting the
analysis results into a grid

Fig.4 Output data after learning

— 186 —

Testing of the Fission Hypothesis, The
Astronomical J., Vol82, No.12, (1977),
pp.1013-1024

Gingold, R.A. and Monaghan, J.J.,
Smoothed Particle Hydrodynamics:
Theory and Application to Non-spherical
Stars, Mon. Not. R. astr. Soc., Vol.181,
1977(1977),pp.375-389

BRBG — BB X D OB, 7
231121 (2002) pp.230-239.

Byungsoo Kim,Vinicius C.Azevedo,Nils
Thuerey,Theodore Kim,Markus Gross
and Barbara Solenthaler., Deep Fluids:
A Generative Network for
Parameterized Fluid Simulations,.
EUROGRAPHICS(2019), pp. 4-5.



