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Table 1 Mode and parameters
Parameters Parameters
Mode Mode
Ky Cy Ky Cyip
S1 100% 100% D1 100%
100%
S2 80% 100% D2 80%
or
S3 60% 100% D3 . 60%
Adapting
S4 40% 100% D4 . 40%
determined
S5 20% 100% D5 20%
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